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Travel Agents



Online Travel Agents



I Largest OTA, second largest e-shop
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Endorsement data



The Destination Finder



The Destination Finder

Endorsement # given # destinations # users
Shopping 513536 9105 467143

Food 242647 13595 228130
Beach 237035 8255 220603

Adventure 9622 2327 9374
Chinatown 2041 132 1992



The big city problem
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The shopping problem



The shopping problem



Topics

There must be an alternative way to organise endorsements.
I Where different activity topics can be present in a city
I Where different cities share the same topics
I Where each topic produces endorsements with a different

probability
I Where topics share endorsements



Section 3

Latent Dirichlet Allocation



Latent Dirichlet Allocation

We assume that each one of our M trips...
Returns N ∼ Poisson (ξ) endorsements
Because it had a θ ∼ Dir(α) topics distribution
For each endorsement wn
There was a responsible topic zn ∼ Multinomial (θ)
That generated wn from p (wn|zn, β)



40 topics

topic 2
Snorkelling 0.23
Diving 0.19
Sun-Bathing
0.11
Walking-with-
Kids 0.10

topic 7
Beer 0.48
Hot-Springs
0.38
Food 0.06
Christmas-
Markets 0.02

topic 23
Shopping 0.28
Monuments
0.12
Culturally-
Diverse-Food
0.10
Business 0.08

topic 39
Nightlife 0.49
Party 0.21
Opera 0.06
Port 0.06



The Good

London Book now

Shopping

Sightseeing

Museums

Theater

Culture

32075

18474

12133

10438

8908

endorsements

endorsements

endorsements

endorsements

endorsements

History            6486 Food           4714 Entertainment           4331 City Trip           4113 Nightlife           3616 Musicals           2999Monuments            1424

Restaurants           2957

Show all

Parks          2776 Pubs          2575 Architecture            2493 Luxury Brand Shopping             2350 Live Music            2237

London
Topic 25 (0.29) Topic 10 (0.10) Topic 18 (0.10)
Shopping (0.40) Museums (0.8) Shopping (0.78)

Sightseeing (0.36) Parks (0.03) Christmas (0.05)
Theatre (0.36) Galleries (0.03) Culture (0.04)



The Good

Bangkok Book now

Shopping

Food

Nightlife

Sightseeing

Temples

12416

3980

2745

1862

1822

endorsements

endorsements

endorsements

endorsements

endorsements

Clothes Shopping            1048 Street Food            906 Markets          852 Gourmet Food            747 Monuments            654 City Trip           650Culture         1424

Relaxation          603

Show all

Culturally Diverse Food             589 Friendly People            557 Luxury Brand Shopping            396 Fashion Bargains            313 Local Food            309

Bangkok
Topic 4(0.27) Topic 35 (0.13) Topic 23 (0.11)
Shopping(0.40) Culture(0.30) Shopping(0.28)

Food (0.35) Temples (0.24) Monuments(0.12)
Entertainment(0.06) Food (0.20) Diverse Food (0.10)



The Bad

Topic 21
Tapas 0.37

Fishing 0.23
Chocolate 0.13

Kite-surfing 0.06

Main topic for Brussels
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The Ugly

Careful postprocessing is always required.
I Naming the clusters is not trivial
I Endorsements can be controversial, e.g. People Watching,

City Trip
I Combinations are tricky, e.g. Meeting People and Family

Friendly



Section 4

Results



EMK campaign



EMK campaign



EMK campaign

Eng. Users Interaction Net Conversion Cancellations
Eml 1 34M+ +18.34% +10.00% +14.80%
Eml 2 34M+ +18.71% +7.14% +4.39%

Bold numbers represent statistical significance.



Menus



Menus
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Questions?
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